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Abstract

: w;?ga medels for leaming and classification.
n this paper, we evaluate decizion tree learning scheme with a lopistic regression
_uum_.m.m_. oo default risk of agriculiural loans. We also propose a claster __E.zﬂ.m__.
ppproach for balancing the sample. About twenty five variables have been used to
fevelop a classifier inchyding demographic, behavioral and transactional data.
‘en fold cross validation for classification accuracy and true positive rates are used fo
pvaluate the efficacy of the classifiers. It has been found that the decision tree

_uum_.m.m_. gives good HmmEH with parsimonions models. Further decision mees give a
(12 A

Insurance Bisk

F.isk Bazed Capital in insurance —fTom

urance is a promise made by the insurance company of a payment on
of a potential loss. The msurance company needs adequate capital to
ble to fulfill these promizes. While the primary need of capital stems from the
policyholders need to be paid even in adverse circumstances, regulators a
atng agencies reguire ascertaming the capital adequacy of the insurance company i
1o assess the insurance company's ability to do so. One way of ensuring thi
be by allocating sufficient capital such that the chances of insolvency are

w. However, this would perbaps erode shareholder's value Shareholders want
sure that the capital is allocated in the most profitable way.

competing reguirements from varous stakebolders make it imperative for
ance company o allocate capital such that risk is minimized while reums
aximized.

cent plobal economic developments have changed the nsk profile of financia
ompanies. The growing need of a risk-based approach to mapage the enferprise a
a5 assess the capital HEE.HEmE has led to an .H_n_uﬂuE u.m._._.&qﬂuumﬂ in

_E.ﬂ-nm under the “risk based capital” regime.
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3 mﬂs__:ﬁ Bizk [eterminants of Rask level and
Management frfluence of Origm on Risk-taking:

Evidence from Indian Commercial

le banks have been stereoryped mto bureaucratic and conservative on the
and risk-taking and sharcholder value creating om the other, we attempt t
renture & step firther to unearth the reason behind such bebavior. Second, we also
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Banks

oreizn banks were more dynamic in their decision-making process as nuﬂwﬂma

mte-owned banks, we also found that the former, especially the branches a
sidiaries of foreign banks were not as aligned to sharcholder value creation wau_
s they are thought to be. More precisely, they were found to be very risk-avers

nwmnwﬂuhﬁ.ﬁmﬁnuﬁuua.:munwgﬂmmﬁunﬁunﬂwﬁunﬁdmmmnﬁuu
hen am_mEEm in emerFing market economies as compared to domestic banks.

:PEEEE.HEHE%:PEEHHEE;

TeCEnt u__mn_..m credit risk bas been receiving considerable attention from the
anagement and repalatars which have resulted in the introduction of regulation that
equires banks to keep capital in proportion to their credit risk. In this comtext,

d to nnderstand factors affecting credit risk has become mportant. In this paper,
credit risk is analyzed in the comtext of firm specific factors, industry and
comomic factors.

isk pumbers at mading firms are typically calculated on an m_un.&..&nw _HE an

case study of one such advanced methodology of presentation of risk numbers has
faken up fo show its usefulness i dis-azeregating Tisk mmbers.
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kN Credit Bizk

it Fick Modelmg: Study of

latiomships between Credit Risk

Financial Ratios of a Firm
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Consuiting

[Option pricing theory has been applied for waluation of risky loans and boods of
firm. This theory was developed by Fobert C Menon in 1974, In recent years, thi
romcept, Merton's Model, has been extended to derive a default prediction model for)
icly raded firms.

fa public limited company uses debt financing, the capacity of the firm to repay
bt depends entirely om the market value of its assefs at any point in fime.
lders or owners of the fimm have a limited Liability. Hence if the market val
the azsets of the finm is significantly lower than valne of debt. the shareholders d
hawve an incemtive to repay the debt However, shareholders have a sigmific
side pain if the market value of assets is nwch higher than the value of debe.
timating the market valoe of the assets and wolatlity in the valwe of assets iz
lem in this approach. To work around this problem, EMV Corporation of 5
ncizon developed a new EMW Credit Momitor Model that considers the proble
the perspective of the incentive of sharsholders to repay back. This model use
structural relationship berween the market value of a firm’s eguity and
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ralae of its assets, and alzo the relationzhip betwesn the volanlity of a finm’s asset
the volatility of a firm's equity. It uses the concept that the market value posit
equity holders in a bormowing firm is similar fo holding a call option on the assets
the firm.

15 study implemented the EMV Credit Mownitor Medel to compurte the “distance to
" of firms that have used debt financing. It also examines the comelat
een distance-to-default and some standard financial ratios of the firm to ex
there are amy interrelatonships.
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[Operational Fisks in Financial Services:Dat on a bank’s historical loss experience could provide meaningful mformation

ssessing the baok's exposure fo opemtional sk and developing a policy

migate/control the risk. An effective way i3 through wacking and recording

. severity and other relevant mformation on individual loss events. In this

¥, & bank can hope to identify which events have the most impact across the eofi

and which business practices are most suscepiible fo operational risk.

very risk event m the risk matrix is then classified according to its frequency am

rerity. By frequency, the reference is to the number/ potential number {propoTtion

errar events that the prodwct type / risk type point is exposed to. By severity,

eference is to the loss amount' potential boss amonnt that the operational risk event i
sed to when the risk event materializes.

classification can be on any predefined scale (say 1-10, Low, Medium, Hi

). All risk events will thus be under one of the four categories, namely hi

-high severity, high frequency-low severity, low frequency-high severity,

w frequency-low severity in the decreasing order of the risk exposure. Potentia

5323 can be categorized broadly as arising from “high frequency, low seven

5) events, such a5 minor accounting errors of banok teller mistakes, and “1

. high severity” (LFHS) events, such as terrorist attacks or major fraud. D

losses arsing from HFLS events are gewerally available from a bank’s interma

iting systems. Hence, modelng and budgeting these expected fufure losses due t

rational risk potentially could be done very acourately. However, LFHS events

ommeon and thus limit a single bank from having sufficient data for modelin

ses. Although quantitative apalysis of operational risk is an imporiant input

1isk mapagement systems, these dsks canoot be reduced to pue stistica

lyzis. Hence, qualitative assessments, such as scenario analysis, will be an integr
of measuring a bank’s operational rsks.
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