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Credit Rating in Turbulent Times 
Agenda 
 
Å Presentation of key BlackRock findings from Ireland (The Financial Measures 

Programme), 

Å ñTurbulent timesò main characteristics and risk relationships 

Å Why credit rating 

Å Using your own data: the new era for Credit Rating 

Å Portfolio rating: predict g pre-act g restructure 

Å Using Stress Testing and Analytics for early warning indication 

Å The use of analytics, a simple example 
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éòThe Central Bank believes it is important to take a conservative view so 
that the potential future loan losses facing Irish institutions are addressed 
comprehensively and robustly.  

The logic is that a bank holding capital sufficient to meet a conservative 
and credible stress loan loss projection by BlackRock, is likely to be 
viewed by the market as sufficiently capitalized.  

As such, the loan loss outputs from this exercise are not to be thought of 
as a forecast but as one possible (severe) outcomeé.ò 

Credit Rating in Turbulent Times 
BlackRock findings from Ireland_The Conservative View 

We need to focus on a broader customer base and seek for the ñunexpectedò according to 

what is considered potential default today. 

Source: BlackRock report  (Ireland ï conservatism and disclosure, page 16) 
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No matter how good or prepared you are, if the cliff that you re 

climbing is falling, You will also fall. 

Credit Rating in Turbulent Times 
òTurbulent timesó main characteristics and risk relationships 
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The Economic Crisis Landscape 
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The Economic Crisis Landscape in Greece 
 

Å ɇɟɎˊŮɕŬ ȺɚɚɎŭɞɠ. ɆŰŬŰɘůŰɘəɧ ȹŮɚŰɑɞ Ƀɘəɞɜɞɛɘəɐɠ ɆɡɔəɡɟɑŬɠ. 

Å Eurostat 
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The Economic Crisis Landscape and the NPL ratio 
in Greece 
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Credit Rating in Turbulent Times 
òTurbulent timesó main characteristics and risk relationships 

default correlation increases. 
 

Consumer credit 

ÅCyclical correlation due to 
dependence of customers on common 
economic factors.  

ï Decrease in income 

ï Unexpected taxes 

ÅContagion associated with a social 
network effect. 

ï Act according to commonly shown 
behavior of other customers under 
the same segmentation 

Corporate credit 

ÅCyclical correlation due to the 
dependence of firms on common 
economic factors. 

ï Fall in profitability 

ï Decrease in collateral value  

ÅContagion associated with the local 
interaction of firms with their 
business partners. 

ï Rubber cheques 

React  / Act or Predict and prevent? 
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Credit Rating in Turbulent Times and the NPL ratio 
in Greece 
Concentration Risk hidden? 

Questions to Answer: 

 

Å Are all these ñhousingò loans 

really housing loans?  

Å Is there a relationship between 

all loan categories that results to 

a concentration risk? 

Å Did we actually rate and finance 

the business plan according to 

the economic crisis environment 

and prospect of a project or the 

financial condition of the 

customer? 

Å How easily can we incorporate and test new scoring factors and in which time period? 

Å Is there in place an early warning indicator in order to identify gaps or we need to wait 

for model monitoring and performance results? 
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Prepaying 

Once in Bucket 1-2, now  

appropriate credit behavior 

No delays 

Restructuring 

Defaulted 

Sample Qualitative Categorization 

Under the current Economic situation, some of these are also potential non-

performing customers  

Credit Rating in Turbulent Times 
òTurbulent timesó main characteristics and risk relationships  
A simplistic quantitative categorization 
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Á A good model does more than giving good statistical performance (model 
requirements). 

Á Introduce the idea of modelling customer behaviour according to changes 
to macroeconomic factors 

Á Need to look at customerôs collective behaviour aka portfolio effects 

Á Need to look at collective customer behavior (e.g. portfolio) also as a 
Social Network effect, 

Á Need for model validation and action plans. 

Á Importance of holistic enterprise wide modelling! 

Credit Rating in Turbulent Times 
Why a credit rating system 
 
Holistic Modeling 
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Credit Assessment 

Loan Performance Management 

Distance-to-Default & Migration 

Application  

Scoring /  

Decisioning 
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Credit Rating in Turbulent Times 
Why a credit rating system - The Risk Perspective 
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Credit Rating in Turbulent Times 
Using your own data: the new era for Credit Rating 
Lack of Data? Perhapsé.    Lack of information? Not actually. A true story example 
 

Data structure Information Provided Data needed 

xls files 

xml files 

external  files 

Internal systems 

External systems 

Hard copy 

Otheré. 

Obligor attributes 

External credit data 

Internal loan systems 

Financial statements 

Scoring Process 

Information not exploited 

Å Score / Approval / Reject  / Refer  

Å Information  in hard copy, e.g. legal 

representatives of the company  

Å Existing retail relationship (members 

of board with existing retail loans and 

bad rate) 

Å Connection with other, non risk 

related, systems, (e.g. Fraud) 

Å Forward looking macro-economic 

factors for specific industry,  

Å Expert opinion and other.. 
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Á Bring the macro-economy into the model 

Á Input stress testing into modeling and scoring 

Á Build an Expert Judgment model 

Á Bring results to an earlier stage of customer Life Cycle  

ï Banks need all the above information not upon payment delay but, where 
possible, during product design process or during acquisition/retention 
process.  

Á Identify and Rate Customer Portfolio behavior: a Social Network effect 
(do they act according to their income or also according to commonly shown 
behavior of other customers under the same segmentation)? 

ïConcentration risk 
ïDiversification risk 

Credit Rating in Turbulent Times 
Using your own data: the new era for Credit Rating 
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Credit Rating in Turbulent Times 
Using your own data: the new era for Credit Rating 
Expert Judgment Model  

Data structure Information Provided Data needed 

xls files 

xml files 

external  files 

Internal systems 

External systems 

Hard copy 

Otheré. 

Scoring Process 

Å Score / Approval / Reject  / Refer 

Å  Expert opinion based on business 

knowledge 

Å Input of transactional data 

ÅQualitative view of customer 

Å Relationships not modeled but known 

based on customer information  

Å Risk Drivers 

Å Criteria 

Å Values per criterion 

Å Sample of counterparties 

ÅWeights  

Selection of 

scorecard 

audience 

Selection of 

criteria 

(workshops) 

Number of 

values per 

criterion 

Selection of a 

test sample of 

counterparties 

Rating of the 

test sample 

Assignment of 

weights and 

combination 

of criteria 

Calibration of 

rating 

Final 

Adjustments 
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Benefits: 

ÅCapability to capture the change in default behavior due to changes into 

macro economic values 

Å Capability to determine the expected time of default for an account 

Å Capability to move from single customer scoring to segment / portfolio 

scoring 

Å Create new products based on Risk Based Pricing 

 

What to remember (in most times): 

Å For corporate scoring, we can actually enhance the credit officers' judgment 

due to: 

ï familiarity with the company,  

ï up-to-date information,  

ï qualitative data 

ï transactional data 

ï otheré 

Credit Rating in Turbulent Times 
Using your own data: the new era for Credit Rating 
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Credit Rating in Turbulent Times 
Portfolio rating: predict g pre-act g restructure _a simple example 
 
 

Time Horizon Information Provided Known Information 

ÅReduction of Public 

Sector 

Å15% decrease in 

salaries 

Å30.000 in Labor 

Redundancy 

Å% of our retail portfolio 

in Public Sector 

Scoring Process 

Information not exploited (potential) 

Å New portfolio segmentation by Public 

Sector 

Å Concentration Risk 

Å Expected loss 

Å Time to Default 

Å Relationship between Public and 

Private sector 

Å Relationship between obligors (wife / 

husband) 

Å Relationship between loans (retail, 

mortgage, etc)  

 

Next 6 months 
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Depending on the data existing and the quality of the data a segment can be 

(indicative list): 

Å a portfolio (retail / corporate) 

Å a sub-categorization of a portfolio based on non financial criteria 

Å a sub ï categorization of a portfolio based on former scoring results  

Å a sub ï categorization of a portfolio based on the size of a company 

Å a sub ï categorization of a portfolio based on the sector 

Å Other ï e.g. categorization based on collateral type 

Credit Rating in Turbulent Times 
Portfolio rating: predict g pre-act g restructure _a simple example 
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Å  Default Time of Each Defaulted Customer 

Å  Demographic Variables (income, gender, location, etc) 

Å  Behavioral variables (ie, account performance related variables) 

Å  Macro Economic Variables (at lowest granularity possible) 

ï  Inflation Rate 

ï  Unemployment Rate/Employment Growth Rate 

ï  Housing Price Index 

ï  Consumer Price Index 

ï  Average Personal Income Growth Rate / Growth Rate 

Å  Macro Economic Variables captured (indicative) at 

ï  Account default date 

ï  Prior to default date 

ï  Loan start date 

ï  Regular time intervals during Observation Period 

Credit Rating in Turbulent Times 
Portfolio rating: predict g pre-act g restructure _a simple example 
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Credit Rating in Turbulent Times 
Using Stress Testing and Analytics for early warning indication 

Information not exploited 

Information not exploited  

Å Relationship between Public and 

Private sector 

Å Relationship between obligors (wife / 

husband) 

Å Relationship between loans (retail, 

mortgage, etc)  

 

Customer and 

Portfolio analytics 

Stress Testing 

Å Advanced Rating 

capabilities 

Å Alternative scores 

independent from 

pure statistical 

methods 

Å Relationship 

identification 

Å Prediction 

Å Early warning 

indicators 

Å Exploitations of 

separated / siloed 

data 

Å Information  in hard copy, e.g. legal 

representatives of the company  

Å Existing retail relationship (members 

of board with existing retail loans and 

bad rate) 

Å Connection with other, non risk 

related, systems, (e.g. Fraud) 

Å Forward looking macro-economic 

factors for specific industry,  

Å Expert opinion and other.. 
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Å By introducing the macro economy into the model, one can do stress testing 

ïñevaluate the potential impact on a firm of specific adverse events and/or 
movements in a set of financial variablesò  (BIS, 2005) 

Å Sensitivity analysis 

ïSingle variable versus multiple variables 

ïE.g. assume all credit scores decrease by 5% 

Å Scenario analysis 

ïHistorical or hypothetical 

ïE.g. 3 successive years of GDP reduction, house prices drop by 5%, é 

ïCould be a 1/25 year event 

Å Fraudulent Behavior 

ïApplication and behavioral models 

ïCluster analysis 

 

Credit Rating in Turbulent Times 
Using Stress Testing and Macroeconomic factors for early warning 
indication _ A simple example for stress testing 
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Credit Rating in Turbulent Times 
Using Stress Testing and Macroeconomic factors for early warning 
indication_ A simple example for stress testing 

Unemployment rate fell in fourteen Member States and increased in thirteen.  

The highest increases were registered in: 

Å Spain (20.5% to 22.6%),  

Å Greece (12.6% to 17.6% between July 2010 and July 2011) and 

Å Cyprus (6.0% to 7.8%). 

 

In September 2011, the youth unemployment rate was 21.4% in the EU27 and 

21.2% in the euro area.  

In September 2010 it was 20.9% and 20.8% respectively and the highest in: 

Å Spain (48.0%) and  

Å Greece (43.5% in July). 

Source: Eurostat 
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Credit Rating in Turbulent Times 
Using Stress Testing and Macroeconomic factors for early warning 
indication _ A simple example for stress testing 

Step 1 

Step 2 

Step 3 

Step 4 

Identify and categorize the relationship between unemployment rate / public 

and private sector and existing customer portfolio. 

Create at least two large categories (over 25 y.o. and under 25 y.o.), scale by 

income and link to products. 

Identify trends in selling activities towards these new categories and link 

with overall banking portfolio as a percentage of new and existing sales. 

Run multiple scenarios with all possible combinations. 

Step 5 Use the scenario results as early warning indicators 
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Credit Rating in Turbulent Times 
The use of analytics, a simple example 

Disparate Source Systems / Data islands 

Silo Customer view Silo Customer view Silo Customer view 

Current State 

Business Analytics 

Data Integration 

Meta Data Management 

Enhanced 

Customer 

view 

Hidden 

Relationships 

Common 

Characteristics 

Past 

experience 

Create Risk 

Attributes 
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Á Challenge: 

ÁMonitor a number of significant retail and 
commercial portfolios across multiple BUôs 

ÁSupport Credit exposure models for multiple 
retail & commercial products, providing a 
consolidated view of customer 

ÁSupport stress testing, regulatory exposure 
views, integrate into EC calculations 

Á Solution: 

ÁModel, price and validate at the individual 
instrument level 

Á Include many risk factors, data is organized 
once, many models can be applied 

ÁSupport Regulatory Capital calculations and 
Economic Capital Calculations using a single 
solution and integrated environment 

Credit Rating in Turbulent Times 
Rating_Stress Testing _ Analytics : A complete view 
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Customer / Account Management 

Á On going credit limit setting 

Á Regulatory / economic capital 

Á Usage monitoring 

Á Renewal / re-issue / re-pricing strategies 

Á Credit card authorisation strategy 

Á Collections strategy 

Á Pre-qualifying direct marketing 

Á Evaluating / pricing portfolios 

Á Cross sell existing customers 

Ongoing customer rating. 

Need for Portfolio  Evaluation and Rating 

Credit Rating in Turbulent Times 
Rating_Stress Testing _ Analytics : A complete view 
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Delinquency 
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Operational 

Efficiency 

Service 

Prioritization 

Proactive 

Marketing 

Product 

Innovation 

Number of 

delinquent clients 

and frequency of 

defaults decreasing 

Decreasing 

operational  

costs 

Clients of good credit 

ratings are given higher 

priority across all touch 

points 

Existing clients are 

automatically pre-

scored   

New products 

specifically designed 

for  specific segment 

Credit Rating in Turbulent Times 
The use of analytics, a simple example 
Risk Adjusted Strategies ð Competitive Advantage  

Create new products based on Risk Pricing 


